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ABSTRACT

The main part of data gathering is focusing on people's thought processes. Various review assets, for example,
online audit sites and individual websites, are available. In this paper, we focus on Twitter. Twitter permit a client
to communicate their perspective on different meanings. We performed opinion research on tweets using Text
Mining techniques like Lexicon and Al Approach. We performed Sentiment Analysis in two stages; first, via
looking through the extremity words from the bag of words as of now predefined in the vocabulary word reference.
Second, train the Al algorithm using polarities given in the initial step.

INTRODUCTION

Web-based Entertainment like Twitter, Facebook,
and sites have become significant apparatuses where
clients will share their significant opinions on
various subjects. With this sort of platform, open
doors and difficulties emerge to effectively utilize
different methods to separate and also grasp the
feelings of others. Opinion Analysis of Twitter
information has humerous utilizations like audits of
clients towards motion  pictures, items,
administrations and applications. Sentiment mining
of tweets incorporates grouping tweets as Positive,
Negative or Neutral.

Vocabulary Based Sentiment Analysis depends on
the presence of a specific word in the report. The
Lexicon contains features including the discourse
labelling of words, their opinion values, the
subjectivity of words and so on. The Sentiment
Analysis of tweets is explained by utilizing the
keywords given by these vocabularies. VValues are
labelled against each word independently. Utilizing
that, we can acquire the Polarity of the entirety tweet
by averaging the opinion upsides of words. The
Machine Learning based Sentiment Analysis
strategy is a model by preparing the classifier with
marked models. In the first place, we should
assemble a dataset with positive, negative and
neutral classes, extricate the elements/words from

that dataset and then, at that point, train the analysis
in light of the models. This is the simplest strategy
for Sentiment examination. We are utilizing both
Lexicon Based Approach and Machine Learning
Approach. We are showing the outcome of opinion
examination by joining these two methodologies.
Typically, the Lexicon-based approach performs
element-level opinion analysis and gives high
accuracy but a low review. To further develop the
collection analyses, for example, Recall, F-Score,
and Accuracy. The machine learning calculation is
prepared to use the Polarity given by the Lexicon-
based approach. We calculate that the precision of
such methodology increments with the training data
size.

PROPOSED SYSTEM

Following figure 1 shows the work process of the
proposed framework. Information securing is
brought through the Twitter API. Twitter API permit
the client to interface with its information, for
example, tweets. Clients can download these tweets
by making a call to Twitter API. Client solicitations
to API for the information and returns information
as indicated by the query entered by the client.
Twitter contains noisy information like RT for
Retweets, '#." hashtags for sifting tweets as per the
subject, @usernames, external web connections, and
emojis. The pre-processing task eliminates every
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wild datum, being it simple to perform the procedure
on clean information. We perform 1) Remove
Duplicate tweets, 2) Remove Retweets, 3) Remove
URLs, 4) Remove Unnecessary Space, 5) Remove
Twitter hashtags, 6) Remove Punctuation Marks,7)
Remove Numbers and 8) Remove Twitter username
begins with @ image.

Crawl
Tweets

e-1SSN: 2454-9584; p-ISSN: 2454-8111

As tweeter contain considerably more extra
information, we want to find information containing
assessment, which we use for sentiment
examination. So, including choice is a method for
figuring out this. Regularly we figure out the tweets
that contain the Adjective in light of the presence of
the Adjective in tweets demonstrates that the tweet
contains an assessment of something on the planet.

Preprocessing
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Fig 1: Sentiment analysis Workflow

The subsequent stage includes the choice to figure
out the emotional tweets. Abstract tweets contain the
client's inclination or view about something on the
planet. So it is important to track down the abstract
tweets; for that, we want to group tweets as
Subjective and In true tweets, we track down the
Polarity of tweets via looking through the events of
the word in the vocabulary word reference and
essentially supplanting the word position with the
extremity esteem shown by the vocabulary word
reference. The Polarity of the entire tweet is
determined by the conglomeration of the word
extremity present in that tweet. Before that, Polarity
is labelled against each word.

Nullification Handling is one of the significant
issues in opinion examination. Since a huge number

contains the invalidation word that moves the
Polarity of the Polarity. Multiple classifiers
eliminate the invalidation words by considering
them as stop words. We had defeated this issue;
when we find any nullification term in a sentence,
then, at that point, we replace that refutation term
with the accentuation image 'I'. For that, we had
quite recently rolled out certain improvements in the
Lexicon. Add the image 'I' before each word in
Lexicon and shift the Polarity of that words. The
Polarity given by the vocabulary word reference for
each sentence can be viewed as preparing d. This
preparation information is given to Machine
Learning Classifier to prepare the classifier. By
preparing and utilizing this information, we compute
the Polarity of different information that can pass as
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testing information to the classifier. This carries out
the presentation of the Sentiment Analysis.
Preparing and testing information are utilized for
tests.

TESTS

At first, we gathered the dataset using Twitter API.
The query we completed while gathering
information from API is 'vehicle,' for example; the
API gives all information (tweets) that contain the
word vehicle. For our analyses, we gather 26000
tweets. The following platform is to eradicate the
commotion from the collected information.
Commotion like Duplicate tweets, Retweets,
accentuations, numbers, HTML tags and so forth.
The information we removed contains superfluous
that is additional information. Subsequently, we
include the determination to remove just those
tweets with a similar assessment. This incorporates
separating just those tweets that contain modifiers.
This should be possible using the Tree Tagger Part
of Speech Tagging (POS) method [10]. And
afterwards, we arrange those tweets as Subjective
and Objective tweets and think about just the
Subjective as the main keywords for Sentiment
Analysis.

This can be performed using the MPQA Lexicon,
which contains the words with their subjectivity
data, for example, word id. Solid or Weak Positive
[11]. In the path of playing out this element
preference, we have 25000 tweets for additional
handling.

We then, at that point, play out the extremity
recognition utilizing the MPQA Lexicon [11], where
we look for the event of each tweet word in a
vocabulary word reference; when found, we then
supplant that word with the extremity estimation
given by the Lexicon. When we view that as a word
that doesn't happen in the Lexicon, we supplant it
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with an extremity value, demonstrating the Neutral
extremity. At last, we count all extremity positive
words in tweets, and the total value demonstrates the
extremity of the tweet. These tweets are considered
training information used to prepare a classifier.

We train the classifier to relegate the sentiment
extremity to the recent opinion tweets, for example,
testing information. We use Support Vector
Machine as our learning analysis. Preparing Data
will be information marked as certain, negative and
neutral by the Dictionary-based technique. Our
essential highlights are Unigram, Bigram, and
Trigram. We compute the accuracy of extremity
characterization for the recently stubborn tweets
utilizing these characterization features, for
example, Unigram, Bigram and Trigram. Testing
information is the recently stubborn tweets that are
to be ordered and given training data to the classifier
utilizing the information arranged by the Lexicon-
based technique

ASSESSMENT

We played out the assessment review in Evaluations
utilizing the Support Vector Machine learning
technique. The justification for utilizing this
calculation is that it gives improved results than
learning calculations like Naive Bayes and
Maximum Entropy [12]. For the sentiment
examination, we partition the training information
into various parts; this is done to check the accuracy
of the opinion classifier when the information size
increases. The point is to look at the varieties in the
accuracy of the sentiment classifier for similar test
information. We use measure Accuracy to assess the
opinion cluster execution. Check this action against
order features, for example, Unigram, Bigram and
Trigram with various training sizes. Table 1 shows
the accuracy for each of the three order features,
with variety in training data size.

Table 1: Accuracy Output

-

Training Data Size Testing Data Size Unigram Bigram Trigram
5000 1000 60.53 50.38 57.13
10000 1000 Gl.62 G0.53 37.26
15000 1000 62.28 61.20 58.95
20000 1R 0l.42 61.2L7 9.0l
25000 1000 G63.23 2.23 3093
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CONCLUSION

While utilizing a Lexicon-based approach, sentiment Analysis and start mining for Twitter information shows
high accuracy yet low review, so there is an arrangement issue. To build that expression, we join the two
methodologies. For example, the Dictionary-Based Approach and Machine Learning Approach give better
execution. We assess the different-sized preparing datasets. Furthermore, these assessment results guarantee that
the proposed analysis is exceptionally powerful and better for examining Twitter messages. Along these lines, we
involved a hybrid approach for sentiment investigation.
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